CRIECHE R I GRESRTAZN Vol.34  No.4
2019 4E 4 A Chinese Journal of Liquid Crystals and Displays Apr. 2019

XEHS:1007-2780(2019)04-0423-07

EF LatLRR #1 PCNN 58 5rT e & E i

CECE N
(FHRREAHFER e X 5BEEIRFRK, 4 F4R 13210D)

FEE X0 22 BB KA LLS 5 0] WO EME A8 SCHR Y — BBk T 15 6 (I Bk 22 7R (LatLRR) F ik w208 4 #il 48 ) 4% (PC-
NN) 2 ROE A8 5 828 %503 R AE T SRBE 55 1 5 28 45 (NSST) 3K BUEHR AR50 5 i 30 k. 28 F BB AR 3
G R E e A MG OR R T LatLRR G803 42 40 5 151150 N 76 119 0 385 R0 A0 X AR A0 3 3t 1O NI AL R G o BRI A0 5 X 2k
JE il AR A 19 1 e A0 43 A D00 00 JH G 3 PCONIN B BUAE S & i il & B0 D0 . JFG e S 249 68 BE AL CAV.G) R 7 1] 66 JBE 0 B
T (SDG) 43 IAE S PCNN A9 b S 80 55 55 250 B L 1T B 30 47 3 A IR A SO PE . Gl b 3A 45 A B B0 00 L ]
£ 55 A 2L A1 G P B 0 3 M R AE 5 T U TR B B R AL 58 36 45, DA TT 2K R A A RO 8 OR R Rl R . AR
K 3 FiAS[R] 3 S5 o I BT 44 D7 325 Rl 1k B L 5 L At e TR 6 i T A B AR SR R Y B L R A A A B K2R L TR
A& PPN S EE 2y 220 ~5% .

X B W BRERHKET; B RkA ;Wi i PCNN;NSST;

hESES TP391 XHERFRIRAEL A doi:10.3788/YJYXS20193404.0423
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Abstract: Aiming at the infrared and visible images with large spectral differences, this paper
proposed a multi-scale fusion model based on latent low rank representation (LatLRR) and pulse cou-
pled neural network (PCNN). Firstly, the proposed algorithm used non-subsampled shearlet
transform (NSST) to acquire the low and high-frequency components of the image. In view of the low-
frequency component of the image to determine the final fusion effect, the LatLRR algorithm was
used to mine the intrinsic salient features of the source image, and this feature was used to adaptively
weight the fusion of low-frequency components. In addition, for the high-frequency components that
determined the details of the fused image, the dual-channel PCNN model was used as its fusion rule.
Among them, the average gradient operator (AVG) and the sum of the direction gradients operator
(SDG) were the external stimulus and link strength of PCNN, respectively, which all can better char-
acterize the texture characteristics of the image. Through the above new fusion rules, the saliency fea-
tures contained in the infrared images can be perfectly combined with the gradient features of the visi-

ble images to obtain a fused image with excellent visual effects. In this paper, three different scenarios
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were used to test the fusion performance of the proposed method. Compared with other typical fusion

methods, the proposed algorithm has better visual effects, and the objective evaluation parameter

value increases by about 2% ~5%.

Key words: latent low rank representation; image fusion; dual-channel PCNN; non-subsampled shear-

let transform
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Fig.2 Visual contrast experiments based on the first
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